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Hypothesis

Traffic Monitoring and Analysis must face new challenges and take advantage of the Future Internet elements. The advances
in Data Analysis provide opportunities to lead this evolution:

» Software Defined and Virtualized Networks » Big Data era: growth of data and computing capacities

» Multitenant infrastructures / Cloud » More complex data-flows to extract knowledge

Network Data Mining Using Functional Data Analysis

» Network management must suit the heterogeneity
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functions and derivatives of observations.

Network Data Reduction and Feature Selection
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Visualization of Network Flow Characteristics
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» Big network flow data must be represented to

09 extract knowledge: that is, obtain comprehensive
0.8 . and easy to understand visual summaries.
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» The basic idea is to define flow categories using
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0.1 characteristics —e.g., flow size.
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Other ongoing research lines

» Application of FDA techniques to network behavior forecasting.

» Exploration of the virtualization of network monitoring and analysis elements.
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